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[ Abstract |

developing anti-aging therapeutics. These models hold significant importance across various disciplines, including life sciences, medi-

Experimental animal models of aging diseases are critical tools for elucidating the mechanisms of aging and for

cine, and pharmacology. In this study, we integrate traditional animal experimentation with artificial intelligence ( AI) to enhance the
educational experience of undergraduate biomedical science students. By identifying key criteria for aging disease models, we aim to de-

velop a comprehensive course on animal models of aging diseases. This approach allows us to offer personalized and innovative experi-

mental teaching content, thereby enriching the experimental course framework for biomedical science programs.
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Fig.1 A schematic diagram of the application of artificial intelligence to the study of aging diseases
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