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Research on collaborative attention neural network for person-job fit
REN Shuyi' , LI Yingling'?, CAI Muxin'

(1. School of Computer Science and Artificial Intelligence ,Southwest Minzu University , Chengdu 610225, China;
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Abstract ; Person-job fit calculates the matching degree between a job seeker’'s CV and the job posting, and then determines
whether the job seeker is suitable for the job posting.Existing online recruitment platforms achieve automatic job matching rec-
ommendation by accurately matching job seekers with jobs.However, most of the existing methods focus on unstructured text in-
formation ,and calculate the similarity based only on the text information of the applicant’s CV and the text information of the job
posting, ignoring the importance of the structured numerical information and the historical recruiting experience ( i. e., historical
successful recruitment records) ,which results in the lack of accuracy of the recommendation. Therefore ,a model on collaborative
attention neural network was proposed for person-job fit ( CoAttenFit) , which mapped the numerical information of resumes
through structured coding, generated semantic features with collaborative attention, extracted historical hiring features with graph
neural networks,and finally calculated the matching degree between resumes and jobs through feature fusion.The method was
compared with 8 current representative baseline methods and outperformed the baseline by 10%-27% ,6%-27% ,12%-20% , and
9%-17% in terms of accuracy,precision,recall ,and F1 value,respectively.The experimental results illustrated that this method
could effectively improve the accuracy of person-job matching,thus reducing resource and time consumption.
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Fig. 1  Collaborative attention neural network for person-job fit
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Table 2 Comparison of CoAttenFit and baseline performance

FLLR Z K Accuracy/ % Precision/ % Recall/% F1/%
FFIRIE 2% 2] B8 L VC A A PJFNN(2018) 0. 69 0. 69 0.70 0. 69
1 T AR 114 DC A AR BERT(2018) 0.71 0.71 0.72 0.71
BPJFNN(2018) 0.71 0.71 0.72 0.71

FFPF AL T Y PR Y
APJFNN(2018) 0.74 0.74 0.75 0.74
SCLPJF(2019) 0.71 0.71 0.72 0.72

Fe Tl 17 5 P ) 2% 2T Y DG A A
MV-CoN(2020) 0.75 0.77 0.71 0.74
MUFFIN(2021) 0.74 0. 80 0.73 0.70
AT A TR DL AR PJFFRIL(2023) 0.77 0.83 0.74 0.74
FET Wb IE] A 2 7 A D A CoAttenFit 0.85 0.88 0.85 0.83
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Table 3 Performance of ablation experiment

SLIG R Accuracy/ % Precision/% Recall/ % F1/%

CoAttenFit(w/o GNN) 0.74 0.74 0.73 0.73

CoAttenFit( w/o Attention) 0.77 0.77 0.76 0.77

CoAttenFit( w/o ${&) 0. 80 0. 80 0.82 0. 81

CoAttenFit 0.85 0. 88 0.85 0.83
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