BRERKZFR 2024,45(4):9~16 DOI: 10.12259/j.issn.2095-610X.520240402
Journal of Kunming Medical University CN 53 -1221/R

ETHMEENFRRS T ERAREXERS
MEEBEWMEHNXZ

BINER, =, P IH, e
(RREMKFE _WMEEREF, =8 %9 650101)

(FE] HIY LT LRSS R B 1A 2 3L RS TEor R IPAL B0 §U38 A TS . ik X
OIS g PR B P BRI A TR A . RS, SO R AR AR IO BRI AR IO o 0 TR A i 5 T
JE AE DG Y B A bR T 3 R DA e XU TP, T R P o0 F 4 s . IRXURE (HLRisk . L.Risk) 41, F
TH0 R S B TS . 85 & T 1 4 SR (EPCAM, CLDN4, CXCR4 Hl TIMP3) () AU 3T 43 #5780
HEAF ST R WA TE I8 A S FN 38 UE BA 37 i HLRisk 40835 79 OS ¥ 1L L.Risk 8 H 2 (P < 0.05), R E L0 i
N, TR AR 2 A 0 22 5 3k ) 5 S e M ) R T SR AR OGRS T . AUREAN L | b I -
ZARMEAEH ., SBESEE. BAEREF-8 %, 5% it bulkRNA—seq Al scRNA—seq B 45 & M
T LR b R AR AR T DR Y XUBS PP AR, IR RE S B S R R A R YT RS

(SRR NS, LA amiE; RAfail)y; AWiE R W

[(RESFES] R711.75; R737.31 [XEAERERL] A TEHS] 2095 - 610X(2024)04 — 0009 — 08

Correlation between Epithelial Cell Related Genes and
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Single Cell Sequencing
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[Abstract] Objective To construct a polygenic risk score based on the expression of epithelial cell markers
to evaluate the prognosis of patients with ovarian cancer. Methods The single cell sequencing data of ovarian
cancer were reduced and clustered to identify epithelial cell markers, malignant and non-malignant markers.
Regression analysis was used to screen epithelial marker genes related to prognosis to construct a risk score model.
Based on the risk score, patients were divided into high risk group and low risk group (H.Risk, L.Risk) to predict
the prognosis of patients with ovarian cancer. Results A risk scoring model with four genes (EPCAM, CLDN4,
CXCR4 and TIMP3) was constructed. Survival analysis showed that the OS of patients in H.Risk group was worse
than that in L.Risk group in trial cohort and verification cohort (P < 0.05). Pathway enrichment analysis showed that
the differential genes between high and low risk groups were associated with immunosuppression and malignant

progression, including cell adhesion, extracellular matrix, neuroactive ligand—receptor interaction, calcium
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signal pathway, transforming growth factor- 8. Conclusion = Through the comprehensive analysis of bulkRNA-seq

and scRNA-seq data, a risk scoring model based on epithelial cell subsets marker genes is proposed, which may

provide potential therapeutic targets for patients with ovarian cancer.
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Fig.1 Single cell RNA sequencing analysis of ovarian cancer
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Fig. 2 Dimensionality reduction and clustering of single cell data
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