BRERKZFR 2024,45(3):18~29 DOI: 10.12259/j.issn.2095-610X.520240303
Journal of Kunming Medical University CN 53 -1221/R

E:Fé,%ﬁ_&._flﬂmn BothERCEHRERREREE
H 5 5% 40 A= iE B X BR

B &V, BN, BT, FORY, TAHEY, Frgeg Y
(DREXFBERAEFR/ KETHE-ARERSAR, =& KE  671000;
Z)Krﬁk%"wg%ﬂfm/ﬂﬁ/’é”'/\R‘I:FJL/KT%/EIHE&%’I’EBDM V‘]ﬁ’l’
=@ &% 650021)

(FE] HBY @058 (atdal fibrillation, AF) 85 I RAEAHCIEF , FERIHX S 512 10 G pe 4l
A AF B &4 % B Bl e E AL . D5tk S — RANW AW AE B F 04 A HLas 4 2 kU]
AF bRy, 32 8 B 45 1 £k (receiver operating characteristic, ROC ) 48 1F 4 3 PR (%) 7L K 32 Wi
WrfE, SR Spearman AH 2G0T BARA SCHEIL H 5= T e s Al B P AR OGP . g5 IR E 593 &AL [llog2
(fold change, FC)I>1, P<0.05], 7 R4 NI &l (P<0.05), K45 190 NMus b2z FIL N, RBIH 3 8
FRaEPI(IGF1, PTGS2 1 PPARG), AHICHE ISR R 3 MRl SRIE AN R EAHIE(P<0.05), €51 IGFL,
PTGS2 1 PPARG J& AF [ 4SFEASCEED , #5500 9% 4 i 332 ) o P R 42 2 DR O

(4R OBEh; AWEBFEAN KB, RAERN; AEYREY

[RESSZES] Q811.4, R541.75 [XHEIFRER] A [XEHS] 2095 -610X(2024)03 - 0018 — 12

Identification of Atrial Fibrillation-related Inflammatory
Genes and Their Association with Immune Cell Infiltration
Based on Comprehensive Bioinformatic Analysis
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[ Abstract] Objective To identify inflammation-related genes in atrial fibrillation (AF) and explore the
possible role and mechanism of these genes and infiltrating immune cells in the development of AF. Methods A
series of bioinformatics analysis combined with machine learning algorithms to identify biomarkers of AF, the
receiver operating characteristic (ROC) curves were used to verify the prediction and diagnostic value of key genes,
and Spearman correlation analysis was used to clarify the correlation between key genes and infilirating immune cells.
Results 593 differential genes (| log2 (fold change, FC) I>1, P<0.05), 7 immune cell subtypes (P <0.05)
were selected, 190 immune-related differential genes were obtained, 3 biomarkers (IGF1, PTGS 2 and PPARG),
and the correlation analysis showed that 3 markers were significantly associated with infiltrating immune cells (P <
0.05). Conclusion IGF1, PTGS2 and PPARG are inflammation—related genes of AF, which are speculated to be

closely related to the process and pathway of immune cell infiltration.
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