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[Abstract] In the past 20 years, the development of artificial intelligence has made rapid progress, and it is
increasingly applied in the medical field, including medical image—assisted diagnosis and treatment, health
management, disease risk prediction and so on. In this paper, the application status of artificial intelligence—
assisted detection and diagnosis system based on deep learning in anorectal diseases is summarized, and the new
methods related to the diagnosis and treatment of anorectal diseases at home and abroad are summarized. It mainly

reviews the research progress of artificial intelligence technology in the diagnosis and treatment of anal fistula,
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perianal abscess, hemorrhoids and other anorectal diseases.

[ Key words] Anorectal diseases; Artificial intelligence; Deep learning; Research progress
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