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[Abstract] In recent years, artificial intelligence technology has developed rapidly and has been gradually applied to

the fields of clinical image data processing, auxiliary diagnosis and prognosis evaluation. Research has shown that it can

simplify doctors’ clinical tasks, quickly provide analysis and processing results, and has high accuracy. In terms of orth-

odontic diagnosis and treatment, artificial intelligence can assist in the rapid fixation of two-dimensional and three-di-

mensional cephalometric measurements. In addition, it is also widely used in the efficient processing and analysis of

three-dimensional dental molds data, and shows considerable advantages in determining deciding whether orthodontic

treatment needs tooth extraction, thus assisting in judging the stage of growth and development, orthodontic prognosis

and aesthetic evaluation. Although the application of artificial intelligence technology is limited by the quantity and

quality of training data, combining it with orthodontic clinical diagnosis and treatment can provide faster and more effec-

tive analysis and diagnosis and support more accurate diagnosis and treatment decisions. This paper reviews the current

application of artificial intelligence technology in orthodontic diagnosis and treatment in the hope that orthodontists can

rationally treat and use artificial intelligence technology in the clinic, and make artificial intelligence better serve orth-

odontic clinical diagnosis and treatment, so as to promote the further development of intelligent orthodontic diagnosis

and treatment processes.

[Key words] artificial intelligence; machine learning; convolutional neural network; artificial neural network;

support vector machine; orthodontic diagnosis and treatment; automatic landmarking; tooth segmentation
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