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[Abstract] With the improvement of computer computing capability and the accumulation of a large amount of medi-
cal data, artificial intelligence is gradually being applied in the diagnosis of oral and maxillofacial tumors. Artificial in-
telligence technology can assist doctors in clinical diagnosis and improve the efficiency of clinical work and the accura-
cy of diagnosis. In recent years, researchers have focused primarily on the recognition of medical images. The commonly
used method is to annotate a large number of images by experts for learning image features by machines. The available
literature has been able to utilize artificial intelligence technology to diagnose tumors by analyzing medical images, path-
ological sections, and tumor photos. The main issues in the current research are uneven labeling data quality, small data
size, limited research problems, and single data modalities. These problems need to be solved through the continuous
improvement of algorithms and the accumulation of high-quality data. The future direction of artificial intelligence appli-
cations should be to integrate medical data from multiple sources, assist doctors in diagnosis, and explore a variety of
noninvasive and easy-to-use new methods for the early diagnosis of tumors. This may completely change the existing di-
agnosis and treatment model of oral and maxillofacial tumors.
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