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Progress of Rectal Susceptibility Artifact in the MRI Diagnosis of Prostate Cancer
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China Three Gorges University, Yichang 443003, China)

Abstract Rectal susceptibility artifacts are a common type of artifact in prostate magnetic resonance imaging
(MRI) that can cause local signal weakening or loss in prostate tissue, thereby blurring the boundaries
between normal tissue and lesion areas. They affect the overall quality of MRI images, the subjective
evaluation of the image readers, and the performance of deep learning diagnostic models to varying degrees.
Therefore, how to effectively eliminate the interference of rectal susceptibility artifacts to obtain high-quality
prostate MRI images has become an important research topic. In recent years, with the continuous
advancement of medical technology, a series of clinical strategies have been proposed and applied in practice
aimed at mitigating the negative impact of rectal susceptibility artifacts on the quality of prostate MRI
images. This article will briefly summarize the distribution characteristics and formation mechanism of rectal
susceptibility artifacts, deeply analyze their potential impact on imaging diagnosis, and introduce current
clinical strategies used to combat rectal susceptibility artifacts, thus improving the accuracy and stability of
prostate cancer imaging diagnosis and providing a reference for future related clinical applications and
research.
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