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integrating context and social network

ZHANG Longchang', BAI Jing?
(1. School of Information Engineering, Sugian University, Suqian 223800, China;

2. School of Management Science and Engineering, Dongbei University of Finance and Economics, Dalian 116025, China)

Abstract: In the heterogeneous environment, to enhance the accuracy of user-based collaborative filtering
recommendation for digital resource services and mitigate the impact of cold start and data sparsity on rec-
ommendation quality, this study proposes a digital resource service collaborative filtering recommendation
method that integrates reader context and social network. The proposed solution devises a comprehensive
calculation method for determining reader neighbor similarity by integrating score similarity calculation,
context similarity calculation, and neighbor trust degree calculation. Furthermore, it presents a rating
prediction and service recommendation method based on the comprehensive calculation of reader neighbor
similarity, drawing inspiration from Dijkstra, an algorithm is devised to calculate trust degrees in order to
ascertain the reliability of reader neighbors. Experimental results obtained from real datasets validate that
the proposed approach moderately enhances the accuracy of user-based collaborative filtering recommenda-
tions while also partially alleviating the impact of cold start and data sparsity on recommendation quality.
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Fig.1 Digital resource service recommendation model integrating context and social network
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